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oo N e N Results on ImageNet
o oge o overall Iinary imary
I n Com patl b I I Ity bEtwee n CE a n d BI n a ryK L: Owri (F -pull T F'w pull ) (F -push T o F’w push )’ distillation manner features logits
where T: ResNet-34 Metric Teacher Student | AT OFD CRD ReviewKD SimKD CAT-KD | KD DKD DIST DHKD
. - top-1 7331  69.75 | 7069 7081 7117 7161 7159 7126 | 70.66 71.70 72.07 72.15
FCE . — Z”k (1 — pr(hS ))hS Bmai"lyKL _ TZ (g ( h — i (RS ) hS S: ResNet-18 top-5 9142  89.07 | 90.01 89.98 90.13  90.51 9048 9045 | 89.88 90.41 9042 90.89
w-pu . , T )2 w-pu ,2)
T 1=1
‘ — ‘ — g K T B KL Ky distillation manner features logits
Binary Fybush = Z Zpk (hi i Yhi j, Foed ™ = —1 Z Z qe(hi ;) — ax(h] ;) hi ;. T: ResNet-50 Metric Teacher Student | AT OFD CRD ReviewKD SimKD CAT-KD | KD DKD DIST DHKD
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